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Abstract

This paper proposes a “Multi-criteriac Recommender” system based
on explicit gathering of users’ preferences. Normally within data gathering
process, a user is asked to rate different aspects of an item founded on
a sliding scale explicitly. However, individual’s preferences on each aspect
of item may conflict with other preferences. To overcome such conflicts
and limitations, we proposed a “Hybrid Method” derived from gathering
of previous data profiles. The method creates a hybrid profile through
combination of user-item data and item-related data. Having the calculated
aggregated data, we can allocate global criteria weights to preferences
of users. Despite of other methods, we did not use overall rating method
at all. Instead, we tried to localize the obtained weights for each individual
user. Consequently, the system applies the allocated weights in a way to

recommend appropriate calculated items for each individual user.
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HLLHUU’]LLUULﬂm"Wme (single-criteria) Tu
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ﬁﬂﬂ’)’mmﬂﬁ)LLauaﬁUﬂﬁlﬂ’]ﬂﬂJWﬂWﬂiﬁﬂJmm‘H

ﬁdm'a”l:amuimﬂwmimwmmfnmmwm%m
m"aﬂmaﬂumvmq 3 ﬁum”l;amwm‘llmmmiﬂ@“
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Wwyisnglugizenin User-ltem-Aftribute Binary
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13191 3 User-ltem-Attribute Binary Value and Ratings (UIABR)

Action | Advent | Drama | Horror | Sci-fi | War | Western | Overall
m1 1 1 0 0 0 0 1 4
ut | m5 1 0 0 0 0 0 0 2
m7 1 0 0 0 0 1 1 3
m2 0 0 1 0 0 0 0 2
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mé 0 1 1 0 0 0 0 4
m2 0 0 1 0 0 0 0 3
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mé4 1 1 1 0 0 1 0 4
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m2 0 0 1 0 0 0 0 3
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mé6 0 1 1 0 0 0 0 2
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weights mmmiﬂmwmmw”l,mmnmimmm
mmmquﬂmiﬂmq User-Aftribute-Weights
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15197 4 user-attribute-weights (UAW)

Action | Advent | Drama | Horror | Sci-fi War Western
ul 1 0.333 0 0 0 0.333 0.667
u2 | 0.333 0.667 1 0 0 0.333 0
u3 0 0.5 1 0.5 0.5 0 0
u4 1 0.333 0.667 0 0 0.667 0.333
u5 | 0.333 0.667 1 0 0 0.333 0

=2/3 = 0.667
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Winglume o fa 1 lpgnngrisANAInan
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13199 5 user-item-attribute weights (UIAW)

Action | Advent | Drama

Horror

Sci-fi War Western | Overall

m1 | 0.800 0.266 0

0

0 0 0.534 0.8

ul | m5 | 0.400 0 0

0 0 0.4

m7 | 0.600 0 0

0.200 0.400 0.6

m2 0 0 0.400

0.4

u2 | m4 | 0.266 0.534 0.800

0.266 0.8

mé 0.534 0.800

0.8

m2 0.600

0.6

u3 | m3

w
Y|lo|o|lo|o|o|o

o

w
W|lo|lo|o|o|o|o

o

0.6

m6 0.200 0.400

0.4

m2 0.300

0.6

m4 | 0.800 0.266 0.533

0.5336 0.8

u4

m5 | 0.600

0.6

m7 | 0.600

Wlolo|lo|lo|o|lo|o | o

w
w

0.4002

o

0.6

m2 0.600

0.6

u5 | m4 | 0.200 | 0.4002 0.600

0.200 0.6

m6 0.267 0.400

o|lo|lo|o|]o|o|o|o

o|lo|lo|lo|]o|o|o|o

o |o | o

0.4
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m’li’mﬁ 6 Item-Attribute (Average) Weights (IAW)

Action Advent Drama Horror | Sci-fi War Western | Overall
m1 0.800 0.2664 0 0 0 0 0.5336 0.800
m2 0 0 0.55 0 0 0 0 0.550
m3 0 0 0 0.3 0.3 0 0 0.600
m4 | 0.422067 | 0.400067 | 0.644533 0 0 0.333267 0 0.733
m5 0.5 0 0 0 0 0 0 0.500
m6 0 0.433467 0.5333 0 0 0 0 0.533
m7 0.6 0 0 0 0 0.3 0.3666 0.600

v 2 o v o Ay v
NITUIAIUAAEAAINUADNU aga‘imm'su =65 war y = (0.1 NAANEN LARINNNg

wuulanse
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Lﬂ?ﬂ‘umﬂm wm“l,am:u X WAz y mmmmu
(3.3) WAz y = (3.3)
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Sim(4,6) =

(0.49925 * 0.433467) + (1 * 0.53333)

(0.49925)" + (0.433467)" + (1) + (0.533333) ] - [ (0.49925 * 0.433467) + (1 * 0.53333) ]

= 0.77145
FNad1 @1 similarity a2ldiin 1 Fuvinnu
u4 = <0.49925, 1>
m6 = <0.49925, 1>
Sim4,6) =

1 LLam’jwmﬁauﬁunﬂﬂs:ms LT am;f?\

(0.49925 * 0.49925) + (1 * 1)

(0.49925)° + (0.49925)° + (1)° + (1)°] - [ (0.49925 * 0.49925) + (1 * 1)]

=1.0
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