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Abstract

The objectives of this study are to propose the estimation method
for coefficients of skewness of Inverse Gaussian data and to compare
three estimation method for coefficients of skewness. Those methods are
simple method, adjusted coefficients of skewness method with term (n-1)/n,
and adjusted coefficients of skewness method with term (n-2)/n. The
research was considered by the absolute bias (IBiasl) and the mean
square errors (MSE). The comparisons were done by using sample sizes
(n) equal to 10, 20, 30, 50 and 100 whereas parameter p is 1 and
parameters A are 1, 3, 5, 10, 15, and 20. This research used the Monte
Carlo simulation method. The experiment was repeated 10,000 fimes for
each condition. Results of the research are as follows:

For all sample sizes and all parameter values, the IBiasl and the
MSE of adjusted coefficients of skewness method with term (n-2)/n are
the lowest. We can arrange the methods as follows: the adjusted
coefficients of skewness method with term (n-1)/n and simple method,

respectively.

Keywords : Monte Carlo Simulation, Coefficients of Skewness,

Inverse Gaussian Distribution
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mmw 1 ﬂ’ﬁﬁ’]’]ﬂJL@uL@ﬂ\iﬁNUﬁ‘m (|Blas|) hae mmmmmaaummaauaaﬂ
( MSE ) “H‘ﬂ\m’]ﬂi‘ uuduilsy ’dVlﬁ‘ﬁ’J’]lJL‘].IﬂJﬂﬂﬂJﬂJJﬁV]JJﬂ’]‘i‘LL"OﬂLL"NﬂUL’J@‘i‘ﬂLﬂ’]’dL‘ﬁﬂu LZLIﬂﬁ’]
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IBiasl MSE
n A

35S | asC, | %sC, | %S | 3sC, | 3BC,

10 1 0.9912 0.5921 0.1929* 1.2964 0.6048 0.2382*
3 1.5461 1.2183 0.8904* 2.4318 1.5178 0.8194*

5 1.7741 1.4626 1.1510* 3.1637 2.1521 1.3351*

10 2.0358 1.7374 1.4389* 4.1488 3.0219 2.0732*

15 2.1651 1.8711 1.5771* 4.6895 3.5026 2.4886*

20 2.2453 1.9537 1.6621* 5.0427 3.8179 2.7633*

20 1 1.1223 0.9162 0.7101* 1.4242 0.9880 0.6376*
1.6390 1.4705 1.3019* 2,7073 21812 1.7120*

5 1.8602 1.7001 1.5400* 3.4688 2.8980 2.3785*

10 2.1176 1.9643 1.8110* 4.4865 3.8604 3.2814*

15 2.2448 2.0938 1.9428* 5.0400 4.3849 3.7754*

20 2.3255 21757 2.0259* 5.4085 4.7341 4.1046*

30 1 1.1571 1.0185 0.8799* 1.4497 1.1410 0.8709*
3 1.6722 1.5588 1.4453* 2.8105 2.4429 2.1011*

5 1.8897 1.7820 1.6743* 3.5766 3.1808 2.8081*

10 2.1443 2.0412 1.9381* 4.5993 41677 3.7573*

15 2.2716 21701 2.0685* 5.1608 4.7097 4.2793*

20 2.3515 2.2507 2.1500* 5.5299 5.0662 4.6228*

50 1 1.1961 1.1122 1.0283* 1.4976 1.3012 1.1190*
1.6966 1.6280 1.5594* 2.8871 2.6587 2.4398*

5 1.9114 1.8464 1.7813* 3.6569 3.4123 3.1761*

10 2.1666 2.1043 2.0420* 4.6952 4.4290 41707*

15 2.2926 2.2313 2.1699* 5.2566 4.9790 4.7090*

20 2.3728 2.3119 2.2510* 5.6302 5.3450 5.0673*

100 1 1.2202 1.1780 1.1358* 1.5218 1.4199 1.3217*
3 1.7137 1.6793 1.6448* 2.9412 2.8242 2.7096*

5 1.9282 1.8955 1.8628* 3.7197 3.5946 3.4717*

10 2.1822 2.1508 2.1195* 4.7622 4.6266 4.4928*

15 2.3083 2.2774 2.2466* 5.3283 5.1869 5.0475*

20 2.3880 2.3574 2.3268* 5.7025 5.5573 5.4140*
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