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vianen TsiesAuUsznaundn fe YABNALLUUANTIANIvRsRTiAY wazszeznsylan daldnaasstuiladdunagey 7 ety
wazlavinsiUSeuflsun1sminalaagresisn1sAukuudumraleyn (Multi-point Random Search : MPRS) fusgilyu
FuUer3era (Bisection Method) 1nMsnwmuin UssAvsnmuesiimsdunuudunaisyn annsamuaiaasldistu
(Global optimization solution speed) wazuiugdloldnsmumilerdudumiiin

AedAey : sruvaunsligady, nsmAnrIzaY, IBNsAULUUdIA18n

Abstract
This research studied Solution of Nonlinear Equation System for one variable function using Multi-point
Random Search (MPRS) consisted of random start point, a search direction and step size. In which this method was
performed by using 7 selected test functions and compare the solutions Multi-point Random Search with Bisection
Method. The study found that the method have been expected to increases the speed and efficiency of MPRS,

when use the number of function evolutions as an iteration.
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