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Abstract

This research investigates the role of user and system characteristics in electronic
word of mouth (eWOM) engagement and purchase intention for beauty and grooming
products. The research uses a case study of LINE, a social network which has an active
community of beauty and grooming product users and interest groups. A survey of Thai LINE
users who are members of cosmetic and grooming communities on LINE was conducted.
The analysis included descriptive statistics, structural equation modelling (SEM) and
moderation analysis. The results showed that user characteristics including user preference,
user similarity, user interaction and user concern for others, influenced eWOM engagement,
with the strongest effect from user similarity (homophily). System characteristics of perceived
ease of use and perceived usefulness were also significant for eWOM engagement, having a
stronger effect than user characteristics. eWOM engagement had a significant effect on
purchase intention for reviewed products (B = .380). Moderation effects were also observed
for age, education level, and income level. The findings are significant because they
integrate both system and user factors in eWOM engagement and examine demographic
effects for users, which are increasingly important as online use of eWOM spreads in

Thailand and it becomes a more frequent source of consumer information.

Keywords: eWOM engagement, User interaction, Technology acceptance model, Electronic

word of mouth
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Introd uctiog

The world of marketing is changing rapidly with the onset of digital media. In
traditional mass media marketing, the marketer communicates in a one-way fashion with
consumers about the benefits and characteristics of the product, but consumers may have
limited access to outside information from other sources (Chaffey & Ellis-Chadwick, 2019).
The introduction of digital market, and later social marketing, in the late 1990s changed this
situation entirely. The introduction of Web 2.0-based social media sites meant that
suddenly, consumers could discuss products and services, allowing their reviews, opinions
and advice to reach far beyond their personal social circle (Tuten & Solomon, 2017). Thus,
the development of social media markets the transition from word of mouth (WOM) to
electronic word of mouth (e WOM).

WOM, or information and advice provided from consumer to consumer based on
their own experience, has been present for centuries (Hennig-Thurau et al., 2004). However,
prior to the development of the Internet and social media, the reach of any one consumer
was limited to their friends and family — they could give and receive WOM within this circle,
but it was difficult to access consumer experiences outside. e WOM, which is offered through
social media sites and review sites (Hennig-Thurau et al, 2004), changed this situation
significantly, as consumers giving and receiving eWOM can reach far outside their personal
social circle. Thus, understanding what influences people to seek out and provide in eWOM
and how this affects the consumer behaviour of people.

eWOM engagement is the set of consumer engagement behaviours that surrounds
giving and receiving eWOM (Gvili & Levy, 2018). Such behaviours, which include passively
seeking eWOM, soliciting eWOM, and providing eWOM (either proactively or in response to
eWOM solicitations) can be divided into two categories — intent to receive (ITR) and intent to
send (ITS) eWOM (Gvili & Levy, 2018). However, the literature review revealed that there are
some research gaps that can be addressed through this study. The main gap is that no
studies have been conducted on Line or in Thailand. This research gap is significant, since
Line and Thai users of Line represent a unique population and research setting that may not
be consistent with other online settings where research has been conducted. Thus, it is
possible that investigating this setting would yield a better understanding of the formation of

online purchase intention.
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The objective of this research is to examine the interaction between user
characteristics and technology characteristics in the formation of eWOM engagement and the
role eWOM engagement plays in the purchasing decision. Beauty and grooming products
were chosen as the customer focus because of the rapid growth of the sector in the Thai
market. Thus, this study addresses these objectives through a quantitative survey of Thai
beauty consumers who use LINE for beauty and grooming products information. The
objectives were accomplished using a consumer survey of Thai LINE users. The research
framework explained in the following section offers insight into the existing knowledge and
theories that relate to these questions.
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Figure 1 Conceptual framework of the paper
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Methodologygj

Population and sampling
The target population of this research included Thai people who use the LINE mobile
application and are members of at least one group. LINE was the third most active social

media platform in Thailand as of 2019, with 85% of Thai Internet users having a LINE
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account. This makes Thailand LINE’s second largest user market after Japan, with about 44
million users (or 26.8% of the active user base).

The size of the population means that it can be treated as an effectively infinite
population size (Anderson, Sweeney & Williams, 2018). The sample size was determined
based on the number of parameters in the models and constructs, and with the recognition
that SEM-based approaches require larger sample size than traditional regression models
(Westland, 2010). The minimum sample size was set to 400 members. The final sample size
was 408 members.

To select the sample, a convenience sampling approach was used. Participants were
recruited from LINE groups that were related to beauty product reviews and
recommendations, to ensure that the participants had a minimum level of involvement or
interest in the topic of the study. Participants were self-selected, responding to the
recruitment message and clicking through to the online platform. The six-point scale was
used for measurement items. These were adapted from previous studies (Mao & Lyu, 2017;

Yang (2012))

Data collection

Data collected was conducted using an online platform. The data collection used a
questionnaire developed by the researcher, drawing on the literature review but not
adapted from existing instruments. Six-point Likert scales were used to assess the structural
items, since these items were primarily attitudinal and experiential in nature (Azzara, 2010).
The six-point scale was chosen, rather than a five- or seven-point scale, to mitigate central
tendency bias (Subedi, 2016). Demographic and behavioural data was also collected from
participants. The questionnaire was developed in English and back-translated to Thai by
professional translators for accuracy (Chen & Boore, 2010).

A pilot test was conducted using the first 40 questionnaires collected to evaluate the
scale structure. Internal consistency was tested using Cronbach’s alpha, with a minimum
value of .700 for acceptance of the initial structure (Bryman & Bell, 2015). Confirmatory
factor analysis (CFA) was used to test the individual items, with individual factor loadings
below .600 removed due to poor internal correlations with the other scale items (Brown,
2015). Table 1 summarizes the items, sources and alpha coefficients for the questionnaire

items, as well as the final items included and excluded following the factor analysis.
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Table 1 Summary of questionnaire and pilot testing outcomes

Scale Initial ltems Alpha Excluded Items

User Preference 6 .838 UP1

User Similarity 6 .835

User Interaction 4 .803

User Concern for Others 5 912 uca

LINE Ease of Use a4 915

LINE Usefulness 7 .900 LU4
eWOM Engagement 6 .852 eWOM6
Purchase Intention 3 891

Data analysis

Data analysis was conducted in SPSS AMOS. A three-step analysis process was used.
The process began with descriptive statistics for all variables. Next, structural equation
modelling (SEM) was used to test the direct hypotheses of the study. The SEM approach was
selected because it is ideal for testing interactions and complex models (Byrne, 2016). A
measurement model was developed using CFA to test the relationship of the observed and
latent variables (Schumacker & Lomax, 2010). This was then followed by a structural model,
which tested internal relationships and was used to assess the hypotheses. Hypotheses were
assessed based on the regression coefficients (p < .05).

Moderation effects were tested using chi-square tests between the constrained and
unconstrained models for age, education and income. Moderation effects were accepted

based on the significance of the chi-square test (p < .05).

Result

Preliminary analysis

Reliability, convergent validity and discriminant validity was tested using composite
reliability (CR) and average variance extracted (AVE). CR for the constructs ranged from 0.894
to 0.973, all higher than the lower threshold of .700 for adequate reliability (Hair et al,
2016). AVE values ranged from 0.679 to 0.902, which are also higher than the floor of .500
for this criterion (Hair et al., 2016), demonstrating convergent validity. Discriminant validity is

evaluated by comparison of correlations and AVE (Table 2). All items showed AVE > r (Hair
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et al., 2016). Thus, the constructs used demonstrated internal consistency reliability and
adequate factor loadings (Table 1) as well as composite reliability and convergent and

discriminant validity.

Table 2 Correlations and AVE of constructs

upP us ul ucC LE LU EW Pl

Up  0.824

us  0.265"*  0.908

ul 0.108* 0.250***  0.918

uc 0.176*  0.309***  0.302***  0.895

LE 0.177** 0.198***  0.363***  0.222***  0.950

LU  0.348"* 0.359**  0.328***  0.293** 0.266™* 0.933

EW  0.351%%*  0.491**  0.479**  0.470***  0.457*** 0.573** 0.922

Pl 0.412%** 0.275** 0.181**  0.147**  0.266™* 0.343***  0.438*** 0.865

Note: Diagonal elements are the squared root of AVE for each construct. *p < .05, **p < .01,

%0 <001,

Respondent demographics

Respondent demographics are summarised in Table 2. The sample included slightly
more female respondents (54.7%) than male ones, but a chi-square test reveals that this is
not significantly different from the expected equal distribution (3*(1) = 3.539, p = .06). 87.5%
of the sample was aged 30 and under, while 89.5% held at least a Bachelor’s degree. The
majority of respondents were employed by private companies (64%). Most had incomes of
20,000 to 39,999 baht/month (52.7%) or over 40,000 baht/month (27.5%). This indicates that
the average respondent to the survey was young, well-educated, privately employed and

had a moderate to high income.



N3ETIuvinTedlng | RAJABHAT CHIANG MAI RESEARCH JOURNAL
Ul 22 atfufl 2 wepwnew — Awnew 2564 | Vol. 22 No. 2 May — August 2021

Table 3 Respondent demographics

Characteristics Number Percentage

Gender

Male 185 45.30

Female 223 54.70
Age

Below 25 212 52.00

26-30 145 35.50

31 and Above 51 12.50
Education

Below Bachelor Degree 43 10.50

Bachelor Degree 293 71.80

Master Degree 72 17.70
Occupation

Private 261 64.00

Public 78 19.10

Freelance 69 16.90
Income

Below 19,999 BAHT 81 19.90

20,000-39,999 BAHT 215 52.70

More than 40,000 BAHT 112 27.50

Structural model and regressions

The structural model (Figure 2) demonstrated acceptable goodness of fit (x*/df
2.316, CFl = 0.957, NFI = 0.927, RMSEA = 0.057, HOELTER = 202). These values indicate that
the model meets or exceeds criteria on both absolute and relative fit measures (Byrne,

2016).
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Figure 2 Structural model

To evaluate the hypotheses, the standardised coefficients and significance (p-value)
of the regression relationships is assessed. This data is contained in Table 3. Assessment
shows that the tested regression relationships were all significant. Of the factors tested in
response to eWOM engagement (EW), the strongest factor observed was Line Usefulness
(LU). This was followed by Line Ease of Use (LEU), User similarity (US), User concern for
others (UQ), User interaction (Ul), and User preference (.128). Thus, the technology factors
had the strongest influence on eWOM engagement, but user similarity and concern for
others also had a relatively strong effect in eWOM engagement. The relationship between
eWOM Engagement and Purchase Intention (Pl) was also positive, strong and significant,

indicating that eWOM engagement did influence the purchase intention for the product.
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Table 4 Regression effects of internal relationships

Relationship Standardized Coefficient (B) p
UP — EW 128 .003
us — Ew .267 <.001
Ul — EW 214 <.001
Uc = EW 251 <.001
LEU = EW .270 <.001
LU = EW .355 <.001
EW — P .380 <.001

Moderation effects

Moderation effects of demographic c factors (age, education level and income level)
were tested using chi-square and degrees of freedom (df) for constrained and unconstrained
models. Additionally, the standardised coefficients and significance for each group are
calculated to provide additional support.

The moderation effects of Age are summarised in Table 5. The results showed that
younger respondents had a steeper difference between constrained and unconstrained
models. The difference in chi square was 60.577 in the Below-25 group. This fell to 34.094 in
the 26-30 group, and to 13.975 in the Above 31 group. The standardised coefficients show

that the EW —> PI relationship is significant in all three groups. However, the effect size is

strongest in the 26-30 years age group. Thus, there is a partial moderation of the EW —> Pl
relationship, with respondents aged 26 to 30 showing the strongest effect of EW on PI.
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Table 5 Moderation effects of Age in EW —> P!

Fully

Unconstrained Standardized
Age Index Constrained Df P-value
Model Coefficients
Model

Below 25 Chi- 1145.098 1084.521 60.577 0.359 0.000
square
df 549 548 1

26-30 Chi- 961.953 927.859 34.094 0.426 0.000
square
df 549 548 1

Above 31 Chi- 1045.155 1031.180 13.975 0.314 0.045
square
df 549 548 1

Moderation effects of Education Level are summarised in Table 6. Here, the
differences between the constrained and unconstrained models were highest at the
Bachelor’s degree group, with a chi-square difference of 75.106. This fell to 18.076 for the
Master’s degree group, and fell further to 9.765 for the respondents with lower than a
Bachelor’s degree. The effects of EW on Pl were significant for all three groups. However,
there were differences in the standardized coefficients. For the Master’s degree (B = .290)
and Bachelor’s degree (B= .393) groups, the effects size could be considered moderate.
However, the Below Bachelor’s degree group (B = .506) showed strong effect. Therefore,
there is partial moderation of the EW —> Pl relationship, with the strongest effects shown for
the respondents with the lowest education, and the weakest effects shown for those with

the highest education level.
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Table 6 Moderation effects of Education Level in EW —> PI

Education Fully Unconstrain Standardized
Index Constrained Df P-value
Level ed Model Coefficients
Model
Below Chi- 1100.254 1090.489 9.765 0.506 0.000
Bachelor square
Degree df 549 548 1
Bachelor Chi- 1199.538 1124.432 75.106 0.393 0.000
Degree square
df 549 548 1
Master Chi- 884.072 865.996 18.076 0.290 0.017
Degree square
df 549 548 1

The moderation effects of Income Level (Table 7) also show that there is a significant
effect. The chi-square differences are strongest for the moderate income (20,000 to 39,999
baht/month) group, with a difference of 60.291. The high-income group (above 40,000 baht)
had the next biggest difference at 29.262 points, while the low income group (below 20,000
baht) had a difference of 15.214 points. The effects sizes showed that overall, all three

groups had a moderate effect size for EW —> PIl. However, the effect for the high-income
group (B = .399) was higher than the others. This was followed by the medium-income group
(B = .390) and the low-income group (B = .338). Thus, while the high-income and medium-

income groups are relatively close, the low-income group had a lower effect. This indicates

that income level does moderate the EW —> PI relationship, with low-income respondents

having a weaker effect of EW compared to middle- and high-income respondents.
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Table 7 Moderation effects of Income Level in EW —> PI

Income

Fully
Unconstrained

Standardized P-

Index  Constrained Df
Level Model Coefficients  value
Model
Below Chi- 751.556 736.342 15.214 0.338 0.004
19,999 THB square
df 549 548 1
20,000 - Chi- 1092.327 1032.036 60.291 0.390 0.000
39,999 THB  square
df 549 548 1
Above Chi- 867.025 837.763 29.262 0.399 0.000
40,000 THB  square
df 549 548 1

Hypothesis summary

Table 8 Summarises the hypothesis outcomes of the study. As it shows, all main

hypotheses (H1 to H7) were supported by the SEM outcomes. The analysis also showed that

user age, education level and income level had moderating effects on the outcome, leading

to the support of the three sub-hypotheses of H8 as well.

Table 8 Hypothesis outcomes

Hypothesis Relationship Outcome
H1 User Preference — eWOM Engagement Supported
H2 User Similarity — eWOM Engagement Supported
H3 User Interaction — eWOM Engagement Supported
Ha User Concern for Others —> eWOM Engagement Supported
H5 Line Ease of Use —> eWOM Engagement Supported
H6 Line Usefulness —> eWOM Engagement Supported
H7 eWOM engagement —» Purchase Intention Supported
Haa eWOM engagement—>User Age—> Purchase Intention Supported
H8b eWOM engagement—>User Education Level—>Purchase Intention ~ Supported
H8c eWOM engagement —> User Income Level —> Purchase Intention Supported
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Discussion

The findings of this study can be considered in three parts: factors in eWOM
engagement, the relationship of eWOM engagement and purchase intention, and the
moderating effects of demographic variables on the relationship of eWOM engagement and
purchase intention.

The key finding of this research is that both individual user characteristics and user
perceptions of the technology platform influence eWOM engagement. Here, the PU and
PEOU of LINE did have the strongest influence on the overall eWOM engagement of users,
but the effects of the individual characteristics like user preferences, user similarities, user
interaction and user concern for others was also significant (though somewhat weaker).
These findings follow several previous studies on both topics, as discussed in the research
framework. However, where they make an advance on the existing research is by
investigating the relative effects of both factors and examining a specific construct of eWOM
engagement. The eWOM engagement construct goes beyond passive reading of eWOM, as
used in previous studies, including both reading and sharing eWOM. This is particularly useful
as it addresses the factors that lead consumers to overall eWOM engagement as a routine
activity, rather than an activity that is only oriented toward resolving post-purchase cognitive
dissonance as in earlier consumer models (Engel, Blackwell & Miniard, 1986; Blackwell,
Miniard & Engel, 2005).

The relationship between eWOM engagement and purchase intention for the
reviewed products was as expected, given the wide array of literature which has indicated
that eWOM engagement (especially ITR, eWOM reading or passive eWOM engagement)
influences the purchase intention for the products reviewed (Khammash & Griffiths, 2011;
Cheung & Lee, 2012; Babi¢ Rosario et al., 2016; Elwalda, LU & Ali, 2016; Saleem & Ellahi,
2017; Yusuf, Che Hussin & Busalim, 2018; Ismagilova et al., 2019). Of course, this does not
mean that the simple existence of eWOM will influence the consumer’s purchase intentions.
Among other problems, most consumers have access to (or can find) far more eWOM than
they can read and use (Gottschalk & Mafael, 2017). Thus, this finding does not apply merely
to eWOM that the user could access, but the eWOM that they have accessed and read. This
is a crucial difference. This study does advance the state of knowledge on this question
slightly because, unlike most of the studies reviewed, the eWOM engagement construct

used here includes both TR and ITS. Further knowledge about both facets of eWOM
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engagement — not just ITR or reading as in previous studies — would be a helpful addition to
the research in future.

The investigation of the moderation effects of demographic variables was exploratory
in nature, given that there had been only a few studies that suggested such an effect
(Bronner & de Hoog, 2011; Boo & Kim, 2013; Engelbertink & van Hullebusch, 2013; Kudeshia
& Kumar, 2017; Zhang, Omran & Cobanoglu, 2017).  Most of these studies suggested a
moderation effect, but had not actually tested it directly. Thus, this research contributes to
the literature by identifying that there is a potential moderating effect of demographics on
the relationship of eWOM engagement and purchase intention. It should be noted that
because this study drew on a very specific interest group (those with enough interest in
beauty products to engage in beauty product groups on LINE), it is likely that the
demographic characteristics may not remain stable. For example, it is possible that the
moderation effect may go along with the demographic differences in interest, rather than
being an inherent characteristic of the demographic group itself. Since this has been
investigated so rarely, it is one of the main recommendations of this study for additional

research.

Conclusion and Suggestions

This study set out to investigate the effects of individual and technology
characteristics and demographics on eWOM engagement and purchase intention. It
examined Thai consumers, focusing on LINE users who engage with beauty product interest
groups on LINE. The findings showed that individual characteristics like user similarity and
user concern for others did have a significant effect on eWOM engagement. User interaction
and user preference also had a significant effect, although it was much weaker. The effect of
LINE ease of use and usability were somewhat stronger. Thus, this finding shows that both of
these factors are relevant in eWOM engagement, although the technology characteristics are
somewhat stronger than the individual characteristics. The study also showed that eWOM
engagement influenced purchase intentions. However, this relationship was moderated by
demographic factors — respondents who were aged 26 to 30, had a lower education level
and a higher income level all had a stronger relationship than others.

This study is an elaboration on the literature on eWOM because, rather than focusing
on one aspect of eWOM (typically eWOM reading or passive eWOM), it used a holistic
measure of eWOM engagement which included both reading eWOM and sending e WOM.
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This holistic perspective is important because increasingly, consumers engage in eWOM not
just as an effort to remedy cognitive dissonance about a purchase they made, but as a
community-oriented and helpful activity (Litvin, Goldsmith & Pan, 2008). Thus, consumers
who are more likely to provide eWOM to others may also be more influenced by their
overall engagement in eWOM. These results may be hard to observe directly, since reading
and offering eWOM may occur simultaneously. For example, a consumer who is deeply
engaged in an eWOM community may build a stock of knowledge about products resulting
from eWOM reading, even if they mainly contribute. This study’s findings serve as a reminder
that eWOM is a more complex phenomenon than often modelled, and could have
pervasive effects on consumer decisions.

There are some limitations to the scope and methodology of this study, which affect
how far the findings can be generalised. The limitations include the population (Thai
consumers, predominantly young and highly educated) and the topic of interest (beauty and
cosmetic products). This limitation may particularly apply to the moderation effects, as it is
likely that other types of products and target markets may show different effects. The
research also could not investigate all facets of eWOM engagement. For example, although
previous studies have shown that social friendships and the quality of the eWOM message
itself are relevant in the purchase decision, these were outside the scope of the study. This
leaves opportunities for additional research into eWOM engagement, along with the areas

for further research that were suggested in the discussion.

New knowledge and the effects on society local and communities
—

According to this study, The implication of this is that some consumers engage in
eWOM more than others, and that some consumers are more influenced by eWOM more
than others. Although a few studies have shown similar findings, this study has been one of
the first to demonstrate these differences in Thailand. Furthermore, the findings regarding
wealth were inconsistent with other studies, suggesting either that developing countries like
Thailand have different economic conditions or that the role of eWOM is culturally different.
This observation forms the basis for the second research suggestion.

Although the research was oriented toward academic concerns, there are some
practical implications of the findings. The most important implication is that marketers must
assume that Thai consumers are going to seek out and use eWOM in their purchase

decisions. While this may not be universally true for all consumers, this study has
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demonstrated that it is very common as a source of information, especially for consumers in
their mid-20s and older and who are university-educated and have higher than average pay.
Since these consumers may be considered in a desirable target market by many marketers,
and since eWOM does have a moderate effect on the purchase decision, it is essential that
marketers are aware of what kinds of eWOM are being offered about their products. Thus,
marketers should be prepared to investigate eWOM for their products and should
incorporate this information into their environmental scanning. It may also be appropriate to
build eWOM into the marketing strategy for products. This should set a strategy for
promoting positive eWOM as well as a strategy to manage the effects of negative eWOM (for
example, by engaging in service recovery with the eWOM provider). This type of proactive
strategy would keep firms from being surprised about negative eWOM and its effects on the

consumer decision process.
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