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The design of intelligent learning management system using Neuro-Fuzzy technique
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Abstract

The purposes of this research were to design and evaluate the intelligence learning management system
using neuro-fuzzy technique. The study consisted of 2 phases. Phase 1 was to design the intelligence learning
management system with SDLC step and phase 2 was to evaluate the suitability of the model for an intelligence
learning management system using neuro-fuzzy technique. Questionnaires were used to evaluate the model such as
learning environment and adaptive learning technique. The questionnaires were collected from five experts who had
at least three years of teaching experience. The statistic used in this study are the mean and the standard deviation.

The results showed that the systems should include personalized modules devoted to suit individual learners.

The modules should consist of seven parts: 1) communication 2) navigation 3) information 4) adaptive learning system
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5) recommendation 6) database and 7) interface of responsive devices. The overall mean of their opinions agreed

with the suitability of this model.

Keywords: intelligent learning management system, Neuro-Fuzzy, adaptive learning
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Figure 1 Diagram of intelligent learning management system using Neuro-Fuzzy technique.
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Table 1 Evaluation results of intelligent learning management system design using Neuro-Fuzzy technique.

evaluation criteria X S.D. results
highest level flow diagram design
1. possibility of designing components of the system 4.40 0.52 highest
2. the link between the diagram and the needs of the user 4.40 0.74 highest
3. accuracy in system analysis to design 3.80 0.57 high
4. using the correct symbol to create a diagram 4.00 0.57 high
5. accuracy of data flow 3.80 0.84 high
system architecture design
1. accuracy of the system sub-process 3.80 0.45 high
2. consistency of the design with the possible principles 4.40 0.55 highest
3. accuracy in technical feasibility analysis 4.60 0.55 highest
4. accuracy in the feasibility analysis of the implementation 4.40 0.55 highest
5. the possibility to develop a conceptual system 4.40 0.55 highest
overview 4.20 0.59 high
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