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Abstract

We evaluate the impact of the Pantawid Pamilyang Pilipino Program, 

a conditional cash transfer (CCT) program in the Philippines, on alcohol and 

tobacco (temptation goods) expenditures in the presence of various shocks 

to household members such as death, illness, loss of employment, business 

failure, and natural or man-made disasters. Using a regression discontinuity 

households may allocate anywhere from 1.2 to 2 percentage points smaller 

share of their household income on alcohol and tobacco, relative to non-CCT 

evidence against the notion of cash transfer misuse towards temptation goods 
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1. Introduction

The implementation of conditional cash transfer (CCT) programs 

has increased steadily in various countries (Das, Do, & Özler, 2005), with the 

Prospera program in Mexico and the Bolsa Família program in Brazil among 

the largest in scale. The use of CCTs as a form of social assistance gained 

popularity in Latin America in the late 1990s and early 2000s (Calvo, 2011). 

By the mid-2000s, CCTs were undergoing pilot-testing in Asian countries such 

the impact of the local CCT program, Pantawid Pamilyang Pilipino Program, 

on household welfare in the Philippines. These studies (Orbeta et al., 2014; 

health and education outcomes. 

However, one dimension that has yet to be thoroughly studied in 

the literature is the impact of CCT programs on household welfare in the  

presence of various shocks to members of the household, such as death, illness,  

loss of employment, business failure, and natural or man-made disasters. As 

one of the world’s most vulnerable countries for disaster risks, the Philippines is 

susceptible to various shocks, perennially ranking among the worst-performing 

countries in the World Risk Index. From 2012 to 2018, the Philippines ranked 

third lowest among a sample of 171 countries (Bündnis Entwicklung Hilft, 

2017, 2018). A country’s susceptibility to and capacity to cope with shocks 

Thus, it is important to consider risks when evaluating social welfare programs, 

especially in countries that are disproportionately vulnerable to various shocks, 

such as the Philippines. 

Policymakers have also raised concerns that cash transfer recipients 

(Moore, 2009) and Kenya (Ikiara, 2009), as well as aid agencies (Harvey, 2007), 
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held strong beliefs that cash transfers received by poor households would be 

misused towards temptations goods and other non-essential items. Concerns 

of cash transfer misuse support the argument for in-kind transfers instead of 

& Deaton, 1998; Evans & Popova, 2017). 

Using evidence from the Philippines’ CCT program via a regression 

discontinuity design (RDD), we estimate the program’s impact on expendi-

tures on alcohol and tobacco when households are exposed to shocks. Does 

households, on average, may allocate anywhere from 1.2 to 2 percentage points 

smaller share of their household income on alcohol and tobacco, as compared 

impact on alcohol and tobacco expenditures. Our study’s key contribution to 

the literature is that we account for various shocks, which households in the 

Philippines are particularly susceptible to. 

detailed background on the Philippines’ CCT program. The data and empirical 

7 concludes.

2. Literature Review

Conditional cash transfers (CCTs) have been among the most widely 

used social assistance programs to reduce poverty, decrease inequality, and 

expand social inclusion in recent years. CCTs have a twofold agenda as a tool 

for poverty alleviation. Beyond supplementing poor households’ short-term 
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consumption needs by providing additional household income, CCTs also 

support long-term investment in human capital through education, nutrition, 

program requirements receive cash transfers, conditional on increased school 

attendance or regular visits to health centers (Rawlings & Rubio, 2005).  

and Asia has steadily increased over the last two decades. 

The consensus in empirical studies that assess the impact of 

 

 

countries (De Brauw & Hoddinott, 2011). In a systematic review done by Baird, 

Ferreira, Özler, and Woolcock (2014), they found that cash transfer programs 

generally improved school outcomes in low- and middle-income countries.1  

 

improve the likelihood of school enrollment and attendance. 

 

household shocks. The authors examined the impact of early childhood shocks on  

program are in rural areas, the authors used local rainfall data at the time of a 

child’s birth to represent early-life endowment shocks.2 They found that children 

1

controlled trials) and quasi-experimental designs with a controlled comparison group. A detailed 

list of databases and search terms used can be found in  Baird et al. (2014).
2 Adhvaryu et al., (2018) use the variation in rainfall data to “identify changes in early-life 

circumstances not correlated with the initial conditions of the parents” (p. 10). They also show 

cognitive ability. Due to missing rainfall data and after restricting the sample to those from poor 
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born during heavy rainfall periods had unfavorable school and employment 

outcomes relative to children born in regular rainfall periods. Moreover, their 

estimates indicated that an additional year of exposure to the program during 

childhood decreased approximately 20% of early life disadvantage. This suggests 

shocks can recover from the negative impact of poor early life circumstances 

on education and employment outcomes through conditional cash transfers.

on children’s school enrollment outcomes from poor households exposed to 

employment opportunities, and exposure to adverse shocks in estimating the 
3 

They considered two types of adverse shocks, namely the occurrence of 

that CCTs increased the likelihood of school enrollment in poorer households 

Despite the literature on the positive impacts of CCT programs on 

household welfare, some policymakers have raised concerns about the misuse 

of cash transfers, particularly to buy “temptation goods” such as alcohol and 

tobacco, instead of its intended use for health and education expenditures. In 

this paper, we refer to alcohol and tobacco as “temptation goods.” A systematic 

review by Evans and Popova (2017) examined the impact of cash transfers on 

spending on temptation goods. Using meta-analysis to summarize quantitative 

evidence from a survey of 42 studies, the authors found that cash transfers, 

 

authors to conclude that concerns about the misuse of cash transfers in favor of 

temptation goods are unsubstantiated by empirical evidence (Evans & Popova, 

3

factors constant, have better labor market opportunities for children.
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2017).4 The scope of literature surveyed by the authors includes studies on cash 

transfers from countries in Latin America, Africa, and Asia. 

Although the role of CCT programs in improving the development 

and overall well-being of its recipients in various countries has been well 

documented in the literature, the impact of CCT programs in light of various 

income shocks has not been as thoroughly studied. In this paper, we intend to 

contribute to the literature on CCTs by accounting for various income shocks 

and examining spending behavior during shocks using data from the Philippines, 

a country that is perennially vulnerable to shocks and disasters.

3. Background

The conditional cash transfer (CCT) program in the Philippines, 

known locally as Pantawid Pamilyang Pilipino Program, is modeled after 

earlier CCT programs in Latin America such as Bolsa Familia in Brazil and 

Oportunidades in Mexico. Cash incentives are given to poor households in 

of school-aged children and the health and nutrition of both children and adults 

14 and/or pregnant women during the assessment period are eligible for the 

program as long as they comply with the program’s conditions. While strict 

conditionality is desired, program implementation is imperfect, with some poor 

households unable to receive cash transfers, while some non-poor households 

are given transfers.

Eligibility for the CCT program is determined through a Proxy Means 

Test (PMT) that predicts the income of households, based on socio-economic 

and demographic indicators such as ownership of assets, characteristics of the 

dwelling, access to water, sanitation and electricity, and education of household 

head, all of which are highly correlated with household income (Fernandez, 

2012). Moreover, respondents cannot easily manipulate these variables since 

4 The review includes studies from 1997 to early 2014 that analyze conditional and  

unconditional cash transfer programs in low- and middle-income countries.
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during the interview (Fernandez, 2012). There are 22 variables included in the 

PMT model to predict household income and determine program eligibility. 

The PMT is extensively considered one of the most reliable ways to measure 

in Fernandez (2012).

4. Methodology

4.1 Data

For our empirical analysis, we use the 2014 Pantawid Pamilya Impact 

Evaluation Wave 2 data set. This cross-sectional data set is based on a survey 

ten municipalities in each of the Philippines’ three major islands. Information for 

the Wave 2 data set – the second round of household evaluation in the program 

sample areas of the Wave 2 data set have been exposed to the CCT program 

for about two to four years at the time of data collection (Orbeta et al., 2014). 

following in the past 12 months: death or grave illness in the household; loss 

disasters. 

Table 1 shows the distribution of poor and non-poor households by 

province, the mean household income, and the corresponding provincial poverty 

per capita income in Philippine Pesos (PHP) (based on the PMT) less than the 

re-centered income (Rinc), which is the deviation of the annual per capita 
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household income, predicted using the PMT, from the corresponding poverty 

line in the province a household belongs to. A household is considered poor 

if the re-centered income is less than zero.

Table 1

Province
Mean 

household 
income

provincial 
poverty 

line

House-
holds

% poor 
% non-

poor

Bukidnon 180 50 50

Zamboanga  
10,943 12,188 154 37

Catanduanes 14,393 145 51 49

14,987 180 48 52

13,807 341 54

Leyte 14,018 13,919 291 53 47

Zamboanga del 
13,947 44

Cebu 322 51 49

15,537 13,975 180 50 50

Masbate 13,970 14,248 172 53 47

11,755 14,544 152 73 27

Misamis Oriental 13,800 14,787 55 45

Iloilo 14,810 52 48

15,004 14,811 145 52 48

15,343 14,854 52 48

Aklan 15,150 180 50 50

15,374 54

15,431 180 52 48

15,431 210 50 50

Pangasinan 17,573 180 50 50

Quezon 150 51 49

Albay 175 53 47

La Union 150 50 50
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17,903 180 50 50

Zambales 150 50 50

Oriental Mindoro 17,418 203 54

22,515 180 52 48

Table 2 presents the average incidence of shocks to households in 

the sample by province. The incidence per type of shock varies considerably 

 

exposed to grave illness or death in the household, the incidence of employment 

loss/business failure or natural or man-made disasters is low. On the other 

hand, sample households in Zambales are noticeably more exposed to natural 

or man-made disasters relative to households in other provinces. To increase 

the exposure of households to any of the shocks described in Table 2.

 

Province
or death in the 

household

Loss of 
employment 
of business 

failure
man-made 

disaster Total

1.00 45.32

Misamis Oriental 29.22 0.05 7.04

Zambales 0.10 19.02

Bukidnon 28.29 2.01

Masbate 1.01 30.32

25.25 0.09 4.02

0.01 3.00 29.22

19.23 0.04 9.01 28.28

Cebu 0.07 4.51 28.27

22.21 0.03 28.27

Catanduanes 20.28 0.08 7.03 27.39

23.30 3.03

Albay 0.08 0.02
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25.18 0.01 1.00

23.28 0.12 0.05 23.45

0.04 3.04 22.77

Oriental Mindoro 0.05 22.32

Aklan 19.19 0.08 2.01 21.28

20.38 0.08 0.01 20.47

Leyte 13.23 0.09 20.37

La Union 17.25 0.07 3.03 20.34

Panay 18.20 0.03 2.03

17.19 0.11 2.02 19.33

15.23 0.04 1.01

14.18 0.02 1.00 15.19

Quezon 12.21 0.04 1.02 13.27

Pangasinan 12.19 0.02 0.01 12.22

Table 3. Program Implementation among Households

Poverty status

CCT Poor Total

2,238 308

144 2,351 2,495

Total 2,382 5,041

The PMT produced estimates of per capita income within each household. 

is below the regional poverty threshold. The program design designates poor 

-

ble 3 shows the actual program implementation in the sample, where 308 out 
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to which the PMT predicts CCT participation using a linear probability model:

where CCT = 1 if household i

household i

Table 4

(1)

Poor 0.824***

(0.0079)

Constant

(0.00488)

Observations 5,041

R-squared

For households whose predicted incomes are near their respective 

with an estimated annual per capita income in PHP (based on the PMT) less 

than the provincial poverty line are considered poor.

To evaluate the impact of the CCT program on households, we 

use a Regression Discontinuity Design (RDD) to compare the outcomes of 

program implementation, we present estimates using both fuzzy RDD and a 

reduced-form sharp design where we directly compare the outcomes of poor 

vs. non-poor households. RDD is a quasi-experimental measure that is typically 

                  = + + (1)   
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(Imbens & Lemieux, 2008) where treatment is determined by whether a  

psychology, several notable papers in economics including Van Der Klaauw 

among many others (Imbens & Lemieux, 2008) use RDD, which is particularly 

is estimated by comparing observations within a bandwidth close to either side 

establishing true causal inference from its use may not be attainable. Moreover, 

when randomization is not possible.   

line the household belongs to. We also use two bandwidths in our analysis to 

vary the evaluation sample. Using a uniform bandwidth for all provinces that 

biased estimates. For instance, if one province has many observations above 

 

based on local income percentiles.

bandwidth, BW1, has an evaluation sample of households with re-centered 

income up to 10 percentiles below and 10 percentiles above each corresponding 
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bandwidth, BW2, has an evaluation sample of households with re-centered 

income up to 15 percentiles below and 15 percentiles above each provincial 

among the two, BW1 is likely to yield the least bias, but also the largest  

standard errors, given the smaller sample size. On the other hand, BW2, which 

has a higher number of observations, may give more precise estimates, but it 

may also result in a slightly larger bias than BW1. Additionally, while having 

a 5-percentile bandwidth would have been interesting, the sample size would 

be reduced drastically, and the precision of estimates may be compromised.

classify a household as poor or non-poor is based on measurable household 

characteristics and not the declared household income, it would be tough for 

2012). 

 

Appendix. The validation tests results show that overall, there is no statistically 

poor and non-poor households. Among the 13 covariates tested (measured 

pre-intervention), only the indicator for house ownership showed discontinuity 

renting a house did not show discontinuity for any of the three bandwidths. It 

one bandwidth. Thus, the validation tests verify the comparability of poor and 

non-poor households by establishing the socio-economic and demographic 
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4.3 Estimation Equations

non-poor households should not receive CCTs. However, due to imperfect 

program implementation as shown in Table 3, there are poor households who 

do not receive CCTs while there are non-poor households that receive CCTs. 

Because of imperfect program implementation, you cannot rely entirely on 

not. To address this, we used poverty status and determined whether a household 

is above or below the poverty threshold for their respective province (which 

endogenous variable.  

Poverty status is the instrument (IV) used for the endogenous  

 

households within a bandwidth near the poverty threshold, there are only slight 

households receive the treatment, and all ineligible households do not receive 

the treatment. In this case, sharp RDD is appropriate if all poor households 

receive CCTs and all non-poor households do not receive CCTs. However, due 

to imperfect program implementation as shown in Table 3, fuzzy RDD is more 

results of sharp RDD estimates as a baseline and as a robustness check for the 

fuzzy RDD estimates.

Fuzzy RDD is used when some poor households eligible to receive 

CCTs do not receive CCTs, while some non-poor households ineligible to  

receive CCTs end up receiving CCTs due to imperfect program implementation. 

reduced-form analysis where we directly compare the outcomes of poor vs. 

non-poor households as discussed below. 
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no need to use higher-order polynomials. Thus, we used a linear local  

regression discontinuity (RD) estimator. Moreover, attempting to control for  

higher-order polynomials in RDD may lead to three major issues: poor coverage of  

 

the sharp RDD estimate for each sampling bandwidth h,

(2)

where Yi = outcome; Poori = 1 if  Rinc
i i = income – provincial poverty 

i 

The dummy variable Poor indicates whether household  i lies below 

or above the poverty line. A household is considered poor if  Rinc is less 

than zero. Rinc is the re-centered per capita income for household i, and is  

 captures 

allows 

For our analysis, the estimates generated using fuzzy RDD are the 

 shows that the probability of receiving 

below the corresponding provincial poverty line. However, being below the 

poverty line is not a guarantee of receiving CCTs. For the fuzzy RDD estimate, 

Poor 

as an instrument for CCT. Table 4 indicates that a household’s status as poor 

or non-poor is a reliable predictor of whether or not that household would 

Poor as a relevant instrument 

for the endogenous variable CCT. 

and (3.2)
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where CCTi is the endogenous dummy variable equal to one if any member of 

householdi is a recipient of CCTs during the survey period, and zero otherwise.

is given by equation (4).

                                       

The second stage captures the impact of receiving CCTs on our outcomes of 

(3.2). 

5. Results and Discussion

We present the summary statistics of the outcome variables and 

covariates for CCT recipients and non-recipients within the 15-percentile in 

Table 5. Household expenditures on alcohol and tobacco is expressed both 

are interested in potential misuse of cash transfers in the context of overall 

poverty lines across the Philippines, we use the share of alcohol and tobacco 

to total expenditures, and not the raw PHP values in the analysis. Poor is a 

dummy variable taking on the value of one if a household’s income falls below 

their respective provincial poverty line. Although program implementation is 

imperfect, falling under the provincial poverty line is a reliable predictor of 

whether a household will receive cash transfers. 
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is the deviation of a household’s income, estimated using PMT, from their 

respective provincial poverty line. In our 15-percentile bandwidth sample, the 

average household income of CCT recipients is on average PHP 1,333 (about 

than their respective poverty line.

 On average, about 32% of CCT recipient households have been 

exposed to a shock (death or grave illness in the family, loss of employment 

 

recipient households have been exposed to a shock. Our analysis does not 

distinguish between what type of shock a household was exposed to because 

 

types of shocks would potentially add depth to the analysis, the sample size 

would be reduced drastically for each type of shock households are exposed 

to per province and the precision of estimates will be compromised. Thus,  

clustering all shocks together in the analysis also makes sense from a practical  

standpoint, considering the number of observations per province. If a household  

experienced death or grave illness in the family, loss of employment or business 

other natural or man-made disasters in the past 12 months, then the household 

is coded as having been exposed to a shock.

Table 5

Variables Obs. Mean Min Max

CCT recipients

to household expenditures
2.70 3.57 0 22.89

Expenditures on alcohol and 
tobacco (PHP)

3,541 4,874 0 32,850

Poor 0.91 0.29 0 1

Estimated re-centered income -1,333 -3,781 3,214

Exposure to shocks 0.32 0.47 0 1
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to household expenditures
847 3.94 0 21.58

Expenditures on alcohol and 
tobacco (PHP)

847 3,204 4,920 0 29,710

Poor 847 0.14 0.35 0 1

Estimated re-centered income 847 749 1,314 4,808

Exposure to shocks 847 0.48 0 1

RD plots for the 15-percentile bandwidth are presented in Figure 1. 

The vertical axis shows the share of alcohol and tobacco to total household 

expenditures, while the horizontal axis shows household income and the  

-

cial poverty line. We show RD plots for several provinces that represent various 

poverty lines, average exposure of households to shocks, populations, and 

geographic locations for brevity. Although the relationship between expenditure 

on alcohol and tobacco and income may vary from one province to another, the 

RD plots show that generally, expenditures on alcohol and tobacco are slightly 

a smaller share of their household income on alcohol and tobacco.
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Figure 1. RD Plot

 

 

disasters among a sample of 171 countries (Bündnis Entwicklung Hilft, 2017).  

Households in the Philippines are regularly exposed to disaster shocks. In 

experienced any of the following in the past 12 months: death or grave illness 

or natural or man-made disasters. 
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randomly for both bandwidths, 10-percentile and 15-percentile.

Table 6

Fuzzy RDD

(1) (2) (3) (4)

BW1

10-percentile

BW2

15-percentile

BW1

10-percentile

BW2

15-percentile

-0.0175 -0.0835 -0.0214

(0.0505) (0.0494)

Rinc -7.71e-05** -9.20e-05***

(2.92e-05) (1.78e-05) (3.41e-05) (1.92e-05)

x CCT (IV)
0.000103** 0.000141**

(4.11e-05) (2.23e-05) (3.28e-05)

Constant 0.408*** 0.351*** 0.352***

(0.0328) (0.0281) (0.0350) (0.0297)

Observations 1,502 1,502

R-squared 0.007 0.001 0.002

To account for the impact of shocks on households in our analysis, we 

goods (alcohol and tobacco) spending as a share of total expenditures (Table 

7) for households exposed to shocks relative to those who were not. In Table 

estimates how the CCT program induces households to adjust their expenditures 

on temptation goods (alcohol and tobacco) when exposed to various shocks.   
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Table 7 shows that for the 15-percentile bandwidth estimated using 

exposed to shocks may relatively decrease their proportion of household expen-

ditures allocated for alcohol and tobacco by about 1.2 percentage points. For 

share of their household income on alcohol and tobacco, relative to non-CCT 

expenditures. Thus, a decrease of 1.2 to 2 percentage points share of house-

hold expenditures for alcohol and tobacco among CCT recipient households 

when exposed to shocks is substantial. This result also serves as suggestive 

evidence against the notion of cash transfer misuse towards temptation goods 

Table 7

Fuzzy RDD

tobacco

to total expenditures

(1)

BW1

10-percentile

(2)

BW2

15-percentile

(3)

BW1

10-percentile

(4)

BW2

15-percentile

0.00258 0.00501 0.00307

(0.00578) (0.00512)

Rinc

0.00234 0.00304 0.00342 0.00394

(0.00514) (0.00370) (0.00578) (0.00382)

Rinc x CCT (IV)

-0.0141 -0.0123* -0.0157*

(0.00881) (0.0114)
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-1.81e-07

(IV)
(1.10e-05)

Constant 0.0290*** 0.0290***

(0.00300) (0.00309) (0.00309)

Observations 1,502 1,502

R-squared 0.013 0.007 0.011 0.009

 

misuse towards temptation goods (alcohol and tobacco) and its overall impact 

on household expenditures when shocks occur, we present our estimates as 

a proportion of household expenditures instead of raw spending. This also 

provinces, expressing alcohol and tobacco expenditures as a share of total 

household expenditure standardizes the unit of measurement and makes the 

estimates more comparable across provinces.

To verify the robustness of our main results in Table 7, we estimate 

 

The results in Table 8 for households that were exposed to shocks are  

 

RD estimate) to a 1.7 (Fuzzy RD estimate) percentage points smaller share 

of their income on alcohol and tobacco. The results in Table 8, which only 

 

households decrease their expenditures on temptation goods when exposed 

to shocks. 
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Table 8.

Fuzzy RDD

(1) (2) (3) (4)

BW1

10-percentile

BW2

15-percentile

BW1

10-percentile

BW2

15-percentile

(IV)
-0.00730

(0.00519) (0.00913)

Rinc

(1.13e-05)

Rinc x CCT (IV)

Constant 0.0313*** 0.0295*** 0.0324*** 0.0302***

(0.00493) (0.00323) (0.00549) (0.00341)

Observations 338 512 338 512

R-squared 0.010 0.015 0.011

Figure 2 shows the RD plot that includes only households exposed to 

shocks within the 15-percentile bandwidth. Although spending on alcohol and 

spend a smaller share of their household income on temptation goods when 

line (non-CCT recipients) spend a larger proportion of their household income 

on temptation goods when exposed to shocks, on average.
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Figure 2

6. Policy Implications

line) are comparable in terms of socio-economic characteristics. The results of 

or above the poverty line has no implications on a household’s exposure to 

incorporating shocks into the succeeding estimation equations. Table 7 shows 

1.2 to 2 percentage points smaller share of their household income on alcohol 

households that experienced shocks and show that CCT recipient households 

allocate about 1.2 to 1.7 percentage points smaller share of their income on 
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alcohol and tobacco. The RD plots in Figure 1, which include the full sample, 

and Figure 2, which uses a sample limited to households that were exposed to 

a smaller share of their income on alcohol and tobacco when exposed to shocks.

the Philippines do not increase their spending on temptation goods when  

experiencing shocks. This provides evidence against the notion of cash transfer 

misuse, especially when shocks occur. However, one limitation of this study is 

the sample size, which did not allow us to distinguish between the impacts of 

that household incomes were estimated using PMT. Although the use of PMT 

is intended to minimize bias compared to asking households for their declared 

income, PMT is still an imperfect measure, and the estimates may be subject 

to measurement error. Finally, imperfect program implementation is another 

poverty lines received cash transfers. Likewise, some households above the 

estimated fuzzy RD, in addition to sharp RD.

The results of our estimates show that at least in the Philippines, 

there is no evidence of cash transfer misuse towards temptation goods such as 

important in evaluating the program’s impact on recipients’ overall welfare and 

dampening some policymakers’ concerns of misallocation of transfers towards 

vulnerable population’s protection from various disasters and shocks (World 

Bank, 2018). By supplementing household income during times of disasters, 

the CCT program can provide immediate relief and make poor households 

program in the Philippines in producing positive outcomes for its recipients 

allocated to the most impoverished households. 
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7. Conclusion 

In this paper, we assess the impact of the Philippines’ conditional cash 

transfer (CCT) program on households’ behavior in response to shocks using 

more likely to be exposed to various shocks, such as grave illness, death in 

the household, loss of employment, business failure, and natural or man-made 

program’s impact on changes in household expenditures on temptation goods 

 

relatively smaller proportion of their household income on temptation goods, 

such as alcohol and tobacco, when exposed to shocks. The CCT program in 

the Philippines is a valuable social safety net for impoverished households. By 

on alcohol and tobacco when exposed to shocks, we resolve concerns regarding 

the misuse of cash transfers. 

The literature on the impact of CCTs in the presence of shocks is cur-

for disasters among a sample of 171 countries (Bündnis Entwicklung Hilft, 

more often into the analysis of social welfare programs in countries that have 

a high risk of exposure to shocks such as the Philippines.
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Table A1

(1) (2) (3)

BW1 BW2 BW3

Rinc -3.71e-05 -2.21e-05**

(2.78e-05) (1.53e-05)

Poor 0.0334 0.0321

(0.0393) (0.0321)

Rinc x Poor 4.28e-05

(1.99e-05) (1.23e-05)

Constant 1.731***

(0.0212) (0.0175)

Observations 1,017 1,503 2,011

R-squared 0.009 0.014 0.030

Table A2. Children Below 5 Years Old

(1) (2) (3)

BW1 BW2 BW3

Rinc

(3.88e-05) (2.15e-05)

Poor -0.00315 -0.0549

(0.111) (0.0919) (0.0797)

Rinc x Poor 5.39e-05 3.07e-05

(9.33e-05) (5.37e-05)

Constant 0.780*** 0.759*** 0.797***

(0.0579) (0.0479)

Observations 1,017 1,503 2,011

R-squared 0.002 0.001 0.009
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Table A3

(1) (2) (3)

BW1 BW2 BW3

Rinc -1.18e-05

(3.70e-05) (2.13e-05) (1.33e-05)

Poor 0.00548 -0.0299 -0.0222

(0.0581) (0.0489) (0.0425)

Rinc x Poor 8.33e-05* 2.97e-05

(5.05e-05) (2.94e-05) (1.91e-05)

Constant 0.540*** 0.534*** 0.530***

Observations 1,502 2,010

R-squared 0.009 0.003 0.008

Table A4

(1) (2) (3)

BW1 BW2 BW3

Rinc 4.83e-05 3.44e-05* 3.19e-05**

(2.01e-05)

Poor 0.0379 0.0199 0.0315

(0.0527) (0.0441) (0.0382)

Rinc x Poor -2.82e-05

(1.72e-05)

Constant 0.273***

(0.0335) (0.0282) (0.0244)

Observations 1,502 2,010

R-squared 0.003 0.005 0.013
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Table A5. If Roof is Made of Light Materials

(1) (2) (3)

BW1 BW2 BW3

Rinc 1.37e-05 1.80e-05

(3.44e-05) (1.89e-05) (1.12e-05)

Poor 0.0224 0.0512 0.0315

(0.0517) (0.0429) (0.0374)

Rinc x Poor -5.42e-05 -2.04e-05

Constant 0.232*** 0.232*** 0.250***

(0.0324)

Observations 1,502 2,010

R-squared 0.002 0.003

Table A6. If Walls are Made of Light Materials

(1) (2) (3)

BW1 BW2 BW3

Rinc -3.12e-05 -1.31e-05

(3.53e-05) (2.05e-05) (1.23e-05)

Poor -0.0321 -0.0422

(0.0572) (0.0480)

Rinc x Poor -1.34e-05

(4.92e-05) (2.88e-05) (1.84e-05)

Constant 0.420*** 0.407*** 0.421***

(0.0351) (0.0299) (0.0255)

Observations 1,502 2,010

R-squared 0.004 0.003 0.010
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Table A7

(1) (2) (3)

BW1 BW2 BW3

Rinc -1.90e-05 -1.93e-05**

(2.92e-05) (1.57e-05)

Poor 0.0274 0.0348 0.0322

(0.0457) (0.0383) (0.0335)

Rinc x Poor 3.45e-05

(3.87e-05) (2.19e-05) (1.41e-05)

Constant 0.201*** 0.201*** 0.202***

(0.0289) (0.0200)

Observations 1,502 2,010

R-squared 0.002 0.002 0.004

Table A8

(1) (2) (3)

BW1 BW2 BW3

Rinc 2.19e-05 -1.04e-05

(3.44e-05) (1.05e-05)

Poor 0.0118 -0.0144 -0.0277

(0.0489) (0.0400) (0.0345)

Rinc x Poor -3.59e-05

(4.48e-05) (2.50e-05) (1.53e-05)

Constant 0.185*** 0.229***

(0.0314) (0.0258) (0.0217)

Observations 1,502 2,010

R-squared 0.005 0.002 0.001
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Table A9. If Household Has Electricity

(1) (2) (3)

BW1 BW2 BW3

Rinc 1.02e-05

(2.31e-05)

Poor -0.0159 0.000580 0.0132

(0.0352) (0.0305)

Rinc x Poor 1.72e-05 3.40e-05

(2.14e-05) (1.38e-05)

Constant 0.873***

(0.0230) (0.0198) (0.0171)

Observations 1,502 2,010

R-squared 0.004 0.008 0.019

Table A10. If Household Has a Refrigerator

(1) (2) (3)

BW1 BW2 BW3

Rinc 2.90e-05 2.12e-05 4.07e-05***

(3.11e-05) (1.84e-05) (1.20e-05)

Poor 0.00427 0.00791

(0.0452) (0.0385) (0.0334)

Rinc x Poor 5.53e-07 -2.58e-05*

(3.97e-05) (1.57e-05)

Constant 0.191*** 0.187***

(0.0292) (0.0254) (0.0223)

Observations 1,502 2,010

R-squared 0.007 0.011 0.022
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Table A11. If Household Has a Washing Machine

(1) (2) (3)

BW1 BW2 BW3

Rinc 2.33e-05 1.01e-05

(2.09e-05) (1.35e-05)

Poor 0.00291 -0.0124

(0.0280) (0.0253)

Rinc x Poor

(2.74e-05) (1.17e-05)

Constant 0.0994*** 0.105*** 0.105***

(0.0200) (0.0189) (0.0171)

Observations 1,502 2,010

R-squared 0.008 0.008 0.008

Table A12. If Household Owns the House

(1) (2) (3)

BW1 BW2 BW3

Rinc -2.28e-05 1.03e-05

(3.55e-05) (2.10e-05) (1.33e-05)

Poor -0.179*** -0.127*** -0.0781*

(0.0559) (0.0472) (0.0412)

Rinc x Poor -2.50e-05 -2.13e-05

(4.88e-05) (2.87e-05) (1.87e-05)

Constant 0.450*** 0.422***

(0.0355) (0.0304)

Observations 1,502 2,010

R-squared 0.010 0.005
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Table 21. If Household Rents the House

(1) (2) (3)

BW1 BW2 BW3

Rinc

(1.04e-05)

Poor 0.0103 0.00855

(0.0130) (0.0117)

Rinc x Poor 1.19e-05*

(1.33e-05)

Constant 0.0170* 0.0224*** 0.0172**

(0.00935) (0.00759) (0.00735)

Observations 1,502 2,010

R-squared 0.002 0.003 0.001


